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Cada ano mas de 1.4 millone
son diagnosticados con cane
prostata.
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| El problema

©

Reciben tratamientos
toxicos innecesarios




| Tests de prondéstico disponibles
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Age-Standardized Rate (World) per 100 000, Mortality, Males, in 2022
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Este problema es prevalent
en muchos tipos de tumores.




| Tecnologia

Literature review

Database review
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~ Data review, selection and curation

Literature review

Inclusion criteria

Database review

9 PCa patients datasets (n=1.730)
with molecular and clinical data.
Data cleansing, harmonization
and normalization.

= 144 stemness-associated B Gene symbols and IDs curation

genes in Prostate Cancer - Mapping to HGNC

5 training datasets

4 validation datasets

-

- Remove patients with incomplete data

- Exclude genes with low counts

- Match probes to gene IDs

- Standardize clinical variable formats

- Normalize gene expression data

- Batch effect correction

- Impute missing values

- Check for duplicated samples or patients
- Stratify by relevant clinical variables

Dataset Samples

Survival Endpoint

TCGA-PRAD 397 PCa (RNAseq)

111 PCa

SOEN/ 08 (Microarray)

GSE70769 92 PCa (Microarray)

GSE116918 UeRK
(Microarray)

GSE16360 Atecs
(Microarray)

GSE54460 106 PCa (RNA-seq)

233PCa

94767
SR (Microarray)

DKFZ 81 PCa (RNA-seq)

81 metastatic CRPC

SU2C-PCF (RNA-seq)

Disease Progression
Disease-Free Time (n = 337)

Biochemical Relapse

Biochemical Relapse

Metastasis Development
Relapse

Death
Biochemical Relapse
Biochemical Relapse
Biochemical Relapse

Death

Covariates Cohort
Gleason Group, PSA levels,
TR Training
Clinical T Stage, Targeted
Age, Gleason Group, PSA
levels, T Stage Training
Gleason Group, PSA levels, T
Training
Stage
Age, Gleason Score, PSA
Training
levels, T Stage
Age, Gleason Group Training
Age, Gleason Score,
Validati
PSA levels, T Stage s
Gleason Group, PSA levels, T
casonroup, BATVES T Validation
Stage
Age, Gleason Score, PSA. (-

levels, T Stage

Age, Gleason Score, PSA levels Validation
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| Survival analysis
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| Feature Selection

@ Random Forest for feature selection
TCGA-PRAD (PFS)
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(® Development of gene expression signature
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(® Development of gene expression signature
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(® Development of gene expression signature
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Lasso model Risk Score

Risk Score: 0.284 x KMT5C + 0.272 x MEN1 + 0.218 x
TYMS +0.090 X IRF5 + 0.083 x DNMT3B + 0.048 x CDC25B
—0.060 x DPP4

[ D) Evaluation in training datasets

] —@—3.36 (2.11-5.35)"""
- TCGA.PRAD_PFS o 14.34 (2.95-6.37)"*
o
~ / | i—e————274(1.25-5.99)
g TCGA.PRAD_DFS W | 383 (2.00-7.01)
| —e——129(1.1-769)
GSE70768_RFS | ——— 1112.82 (33.4-37077.65)"***
] — @ 2.72 (1.45-5.08)"
té GSE70769_RFS - |22.18 (4.63-106.25)"
° 1@ 1.49 (1.13-1.96)**
3 GSE16560_0S-
= = 1 2.15 (1.29-3.57)"
| He—1.32(0.76-2.23)
GSE116918 RFS+ ' 1.44 (0.65-3.18)
| +—e————1252(1.03-6.19
GS116918_MFS  m 521142371y
. =3 T T f— T
0 2 4 620 24 112
[ High risk score HR(95% Cl)

@ Median [ Continuous

W Low risk score



| Validation

(A

X X X X
0.284 x KMT5C + 0.272 x & 8 S S
MENT + 0218 x TYMS + > & Q%” >
0.090 x IRF5 + 0.083 x

DNMT3B + 0.048 X S S S
CDC258B - 0.060 x DPP4 T ﬂ T w
\

Risk score: 127 12 190 336 21.8



| Validation
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| Validation

®
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oportunidad para investigacion interdisciplinaria

Evaluacion de diferentes algoritmos para prediccion de metastasis en
cancer de prostata
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| Evaluaciéon de modelos
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Unmasking Neuroendocrine
Prostate Cancer with a Machine
Learning-Driven Seven-Gene
Stemness Signature That Predicts
Progression.

International Journal of Molecular
Sciences. 2024 Jan;25(21):11356.

Sabater A. et al.
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¢Como convertimos esto en algo con impacto?



| Como lo hacemos
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Biopsia original




| Como lo hacemos
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Biopsia original

Equipos de PCR




| Como lo hacemos

Plataformaenla
nube

- INTERMEDIATE HIGH

PreGenKIT

&

Biopsia original

Equipos de PCR Respuesta inmediata




Solucion

Igual calpaf:idad 10x mas baratos Completan_1ente
pronostica descentralizado



El mercado: cancer de prostata

biopsias por ano.



| El mercado total

biopsias por ano.



| El mercado total

- USS 9.000M



Equipo

Oliver Gibson Juan Bizzotto, Geraldine Gueron, Daniel Alonso, MD,
MSc, MBA cand. PhD MSc, PhD PhD
CEO CTO CSO Oncologia
Business & Biotecnologia & Oncologa traslacional.
Bioinformatica Bioinformatica molecular Validacion clinica.
Advisors

Marcelo Marti

Daniel Nofal
Enzyme VC - Bitgenia

Federico Cayol,
MD
Oncologo
molecular.
Validacion clinica.
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